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Divide into 4 hour packets

Goal: Predict water height 12 hours ahead




Deep
Neural Network
without feature

map

* Two hidden Layers (relu)

* Optimizer: Adams
* Loss: mean squared error




Predicted vs. actual water levels




Wavelet Transforms

* Transform similar to fourier transform

e Convolution is done with a so called
wavelet

* Wavelets are scaled by parameter a,
therefore allowing to recognize patterns of
different sizes
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Predicted vs. actual water levels
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34.6 cm? 11.92 cm 77.2%
Continuous 17.93 cm? 7.94 cm 82.02 %
Wavelet
Transform

Comparison of Models




Normalize data

Examine seasonal trends

Make long-term predictions




